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“[social media is] an 
incredibly important 
source”

– Jonathan Rugman, Foreign 
Affairs Correspondent, 
Channel 4 News 
(pers. comm.)



• Most not news

• How much can you believe
• Volume



“we need algorithms to take 
more onus off human being, to 
pick and understand the best 
elements” – New York Times’ 
Social Media Team member 
(pers. Comm.)









• Median age: 23; 
• 80% female;
• Nearly all had previous journalism 

experience. 
• 50% from Europe, 15% from the UK, 

and 10% each from Asia and the 
Americas. 

Participants (n=81)



• Identify original news on social 
media?

• Assess the reliability of social media 
contributors?

• Identify trends?
• Identify sentiment?

RQs



Detecting original news





Detecting Trends



Detecting Trends

“Spike helped me decide which stories to pitch on 
London Fashion Week.”



Detecting Sentiment



Detecting Sentiment
“Sick” or “wicked,” which the 
“Sentiment” function would 
presumably categorise as negative, 
could sometimes mean something 
positive, for instance.”



Verification



Verification
“Geofeedia helps in verification of information, since it shows social 
media posts’ location. You won’t be misled by someone ‘pretending’ 
to tweet from the heart of Egyptian revolution, while in reality 
drinking his cup of tea somewhere in London”.



“In order to successfully cover events like New 
York Fashion Week, journalists must use tools 
like Twitter and Geofeedia.”



• Privacy

• Popularism

• Misplaced trust

• Biases

Dangers with automated news gathering



Privacy

“slightly morally 
wrong and 
stalker-esque”. 



“All in all, I am a bit sceptical about detecting 
trends through social media. The outlets should be 
trendsetters themselves.”

“My biggest reserve is that I become lazy and focus 
only on what is trending. Journalism should be 
about writing important stories, no matter how 
unpopular.”

Popularism

0% 10% 20% 30% 40% 50% 60% 70% 80% 90% 100%

Not worried Slightly worried Worried Very worried Extremely worried

Q: Please indicate how much you worry that tools such as Spike, Geofeedia, Social Sensor, and Twitter could be 
helping to promote a more popularist news agenda where journalist write more about what the public want 
rather than what they (the journalists) consider to be important, no matter how unpopular (n=32).



Misplaced trust

Using Social Sensor I was able to look at 
purely trustworthy sources. … By using Social 
Sensor I can see updates from sources that are 
reliable.

on Social Sensor, I can see automatically 
verified results 

0% 10% 20% 30% 40% 50% 60% 70% 80% 90% 100%

Geofeedia

Social Sensor

Never Rarely Sometimes Often All of the Time

Q: Please tell me how much, if at all, the information found on each of these tools
has been automatically verified (n = 32).



‘Biases’

Listens 
to…

• 47% Men
• 25% Women
• (26% institutions)

• 60% metropolitan 
(London, New York, 
Washington)

• 40% non-
metropolitan/’foreign’

• 65% mainstream media 
• 35% ‘other’ (NGO, 

experts etc)



‘Biases’

Algorithmic transparency “is, at best, 
insufficient and, at worst, a dangerous 
misdirection away from sites of press power 
beyond code”.

-- Mike Ananny and Kate Crawford

Beyond the Black Box: The Failures of Algorithmic 
Transparency
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